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Investigation of Future Reference Expressions in Newspaper Articles

Yoko NAKAJIMA

Abstract:I have worked on extracting future reference sentences to support future pre-
diction and strategy from a text corpus in Japanese. I apply the Morpho-semantic method
which combines the morphological structure and the semantic role of sentences so far and
automatically extracts the future reference sentences. Since the Morpho-semantic method
does not depend on kinds of words, versatility can be secured, and classification accu-
racy is about 76%. In this research, I focus on the surface representation of sentences
and investigate the characteristics of future reference sentences in order to improve the
accuracy of the method of automatically extracting future reference sentences from a text
corpus. I aim to improve classification accuracy of future reference sentences by using it
in conjunction with word-independent previous methods.
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