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Development of a versatility future trend prediction support system
using morphosemantic patterns information of text data

Yoko NAKAJIMA, Michal PTASZYNSKI, Hirotosht HONMA, Fumito MASUI

Abstract:In this research, we developed a versatile future trend prediction support system
using future reference sentences extracted automatically from news articles. To achieve
that, we firstly developed a method to classify and extract implicit and explicit future
reference sentences without the use of simple keywords, and confirmed that it is possible
to generate a classification model with a small amount of useful learning data by using
a Language Combinatorics-based learning method. Next, we applied automatic future
reference extraction to develop a method to support future trend prediction using only
future reference sentences, with no need for expert knowledge. The usefulness of the
system as a whole was verified in experiments in which sentences referring to the future
were extracted from news articles and related to them events were predicted in 1-2 years

later.
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