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A Note on Estimation of Interest-level to VVideos

Using Facial Expression

Naoki SAITO, Kotaro YAMAMOTO, Daichi NISHIKAWA, Ryosuke HARAKAWA,
Masahiro IWAHASHI, Satoshi ASAMIZU

Abstract —This paper presents an estimation method of interest-level to videos using facial expres-

sion. The proposed method combines visual and facial expression features via Local Discriminative
Canonical Correlation Analysis (LDCCA). LDCCA can derive suitable features for interest-level es-
timation by considering the class information and data structure. Consequently, the proposed method
realizes accurate estimation of interest-level to videos. The experimental results show the performance

of the proposed method and shows its discussion.
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